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Abstract

The purpose of this study is to develop a model of a business intelligence system for
mapping the exports of West Java's creative craft industry. The fundamental issue is that the craft
industry's exports are underperforming due to a lack of responsiveness in capturing export
opportunities. Furthermore, the inadequacy of a business intelligence system in the craft industry
to assess export mapping in the worldwide market underscores the significance of this research.
The study uses the research techniques of data collection, identification of information needs, and
develop a business intelligence model. This research uses primary data on craft export sales in
West Java in the form of exporter data, export commodity data (HS code), export trade
transactions, export destination country data, total value, and export volume. The finding in this
study is the proposed model of business intelligence stages for mapping the export of craft
creative industries and the design of Bl implementation. The dashboard Bl design can provide
knowledge to stakeholders on vital information to answer the analysis of export potential. This
model can be a foundation for developing a business intelligence system to assess West Java's
export key performance indicators of handcraft products.

Keywords: Business Intelligence Model, Mapping Analysis of Craft Product Exports, Creative
Industries

1. Introduction

Nowadays, World economic growth depends more on the creative industry (De
Beukelaer, 2014). That is marked by the domestic and international consumer increase (Kong
& O’Connor, 2009). Even though the growth of creative industries in developed and
developing countries is not the same. In developed countries, the creative sector is growing
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significantly due to the increasing number of products and access to more foreign markets (De
Beukelaer, 2014).

According to the UNCTAD definition, the creative industry is a cycle of production of
goods and services that utilizes creativity and intellectual capital as its main inputs and is
categorized based on its role as inheritance, art, media, and functional creation (Bekraf, 2017).
As a developing country, Indonesia has a total contribution of the creative industry to the
national Gross Domestic Product (GDP). According to data from the Central Statistics Agency
(BPS), in 2017, the contribution of the Creative Economy to the national economy was 7.24%,
and the growth rate was 5.06%, which is equivalent to national economic growth
(Kemenparekraf, 2020).

Craft, as a subsector of the creative industry, is an applied craft at the intersection of art
and design, drawn from historical legacy or current concepts to make works of art, practical
items, and ornate or ornamental objects (Bekraf, 2017). Micro, small, and medium-sized
enterprises dominate the craft sector in Indonesia. It is on abundant resources and raw materials
to sustain its existence. West Java, East Java, Yogyakarta, Central Java, Jakarta, and Bali
dominate the Indonesian handcraft sector, necessitating development in other regions.

Most of the Indonesian craft industry's problems are low export acceleration,
performance, and global competitiveness (Munawar et al., 2019). Export performance can be
determined by sales growth and company profitability in export activities. The higher the sales
growth, market share, and profitability, the better the company's performance, and vice versa.
Performance is the final result of the company's activities, including the actual results of the
company's strategy (Wheelen & Hunger, 2012). The low export performance of the craft
industry is because most export activities in developing countries, including Indonesia, are
carried out by small companies (Adu-Gyamfi & Korneliussen, 2013). Small companies that
export are very vulnerable to many obstacles related to operating activities abroad because they
tend to be minor, located far from the primary market, have limited resources, limited
management experience in exporting, high export barriers, and a little level of
internationalization (Adu-Gyamfi & Korneliussen, 2013).

In addition, obstacles in foreign markets will make it challenging to improve export
performance. Market barriers include internal barriers such as functional, informational, and
marketing, while external barriers such as procedural, regulatory, and environmental policies
(Narayanan, 2015). The craft industry is still finding it difficult to adapt well to the rapid
changes in the market, environment, and technology, as well as how to increase creative
imagination in product innovation. Still, they do not optimize the exploitation of market
opportunities, maximize resource potential, and manage risks to enter new markets.

According to the findings of interviews with the West Java Disperindag Head of Export,
West Java Deskranasda, West Java Chamber of Commerce and Industry, and various craft
export actors, export constraints and barriers needed to be overcome immediately, and craft
business actors in West Java should improve their ability to capture export opportunities. As a
result, to expedite product exports, it is essential to employ information technology that can
assess the export mapping of craft creative sector products in West Java. It is also done so that
business actors may realize the potential of their craft items to compete on a global scale. A
business intelligence system is one-way information technology can be used.
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Business intelligence (BI) uses technology, applications, and processes to collect, store,
access, and analyze data to make better decisions (Nyanga et al., 2020). Bl is presently
employed in a variety of industries, including educational institutions (Foshay & Kuziemsky,
2014; Scholtz et al., 2018), healthcare institutions (Prayitno, 2018; Vajirakachorn &
Chongwatpol, 2017), and tourism (Olszak & Ziemba, 2007). The business intelligence (BI)
system was created to convert data into information and knowledge and establish numerous
contexts for successful decision-making, strategic thinking, and action in businesses (Olszak
& Ziemba, 2007). To investigate the export potential of handcraft items in West Java, a Bl
system must be designed to analyze business opportunities and obstacles using historical data
to estimate future business potential. Primary data from export sales of craft products from the
West Java Province Disperindag, related government regulations or policies, interviews and
field surveys with craft businesspeople, and secondary data from other external data are some
of the data sources that can be analyzed.

This study aims to develop a business intelligence model for mapping analysis of West
Java's exports of handcraft industry products. Future craft export market potential can be
determined by developing the proposed model into a prototype of a business intelligence (Bl)
system that can be used by both craft business participants and the government. Therefore, the
author underlines the significance of developing a business intelligence model for export maps
based on potential, trends, and characteristics to increase exports of West Java's creative craft
industry's products.

2. Literature Review

It is essential to perform a comprehensive literature evaluation relevant to the research
topic to gain a deeper understanding and comprehension of the mentioned themes. Reviewing
the current literature will give a solid theoretical framework for selecting the study
methodology and justification that the proposed research expands on the body of knowledge
(Qushem et al., 2017). Adopting a Bl system from initial concepts includes advancing
managers' decision-making processes and facilitating sharing of data insights across the
organization. The customization of the Bl system is the most critical aspect in the effective
adoption of BI, according to the requirements of the managers. In addition, the significance of
all system life cycle stages for the successful adoption of Bl can be underlined.

The term business intelligence (BI) was first mentioned in 1958 by HP Luhn, an
information science pioneer (Vizgaityté & Rimvydas, 2012). In this approach, he viewed Bl as
"a system that facilitates the gathering, dissemination, storage, retrieval, and transmission of
new information to perform functions more efficiently and use the support of new
technologies” (Luhn, 1958). The fundamental goal of business intelligence is to help the
decision-making process, enabling successful and innovative management. However, it was
not until the late 1980s, when Gartner Group's Howard Dresner was recognized as the pioneer
of business intelligence, that the term was popularized and described as a broad term that
includes applications, tools, and information analysis that aids in the performance and
optimization of organizations' decisions (Becerra-Godinez et al., 2020).
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Figure 1: Conceptual Bl Framework

Bl is a support system that facilitates more accurate data analysis. Bl is a common term
for architecture, databases, analytical tools, techniques, and applications that can aid decision-
making (Vajirakachorn & Chongwatpol, 2017). Bl consists of four major components: data
warehouse, business analytics, business performance management (BPM), and user interface
(Vajirakachorn & Chongwatpol, 2017). The BI system's user interface is typically portrayed as
a dashboard or data visualization, allowing two-way communication between the user and the
system to see a whole perspective of the company's performance measures (Vajirakachorn &
Chongwatpol, 2017). The Bl system was created to convert data into information and
knowledge to help the firm make better decisions and take more strategic actions (Olszak &
Ziemba, 2007). As indicated in Figure 1, the role of the Bl system is to support decision-making
by gathering and consolidating data via ETL and data warehouse/database, data analysis and
reporting via OLAP, and data drilling (data drilling) via data mining.

There are numerous extant Bl models, with the majority focusing on technological and
business process challenges. In truth, many company organizations are not yet in the advanced
stages of Bl deployment, that require attention and improvement owing to a lack of focus on
other essential areas such as organization (Qushem et al., 2017). However, Bl is now widely
employed in a variety of industries, including educational institutions (Foshay & Kuziemsky,
2014; Scholtz et al., 2018), health institutions (Prayitno, 2018; Vajirakachorn & Chongwatpol,
2017), and tourism (Olszak & Ziemba, 2007). Vajirakachorn & Chongwatpol (2017) and
Saragih et al. (2021) conducted several examples of Bl research in the tourism sector.
Vajirakachorn & Chongwatpol et al. (2017) undertook a study to apply Bl to data on visits to
local food festivals in Thailand, with the goal of festival organizers studying visitor behavior
based on business success indicators (such as sales, profits, satisfaction scores, costs, loyalty,
and revisit intentions) to maximize client satisfaction and future revenue and profits for the
organizers. Research by Saragih et al. (2021) has developed a Bl-based dashboard system to
monitor tourism activities in Bali, where the Bl system was developed by studying tourist visit
data from the past period to be able to provide forecasting of visit data in the coming period.
Concerning export trade, Darman (2018) conducted research related to the implementation of
Bl in determining national fishery export trends. The study shows that the Bl system can help
provide critical market analysis, such as the export destination country with the most significant
volume, the export destination country with the highest value, the time series of national fishery
export value and volume, the highest export commaodity, and the lowest export commodities.
Visualized export trend data can help make strategic decisions and plans to analyze market
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information and handle obstacles to exporting marine and fishery products abroad. These
studies show that Bl technology can help businesspeople see potential in the future.

This study creates a foundation for a business intelligence system for mapping analysis
of craft industry product exports in West Java. The proposed model can evolve into a prototype
of a BI system that will help craft business participants and the government see the future
possibilities of the craft export industry. The immediate urgency of this research is the lag in
craft sector exports caused by a lack of responsiveness in capturing export possibilities. Second,
the craft industry lacks a business intelligence system to assess export mapping worldwide.
Third, while West Java has several handcraft industries, the share of exports remains low.
Fourth, in the Industrial Era 4.0, the craft business should analyze export mapping to boost
future export potential.

3. Methodology

3.1 Business Intelligence Stage

Business intelligence has three main phases, namely (1) data acquisition, (2) data
access, and (3) data analysis, such as the BI concept presented in research (Khan & Quadri,
2012). Data relevant to the BI process will be sourced from internal organizations, such as
operational or transactional data related to craft export business records and reference data such
as craft products, businesspeople, etc. Besides that, it is also necessary to explore external data
sources that can be processed from various sources, including the government, agencies (third
parties), customers, competitors, suppliers, the internet, world trade platforms, etc. The amount
of heterogeneous data managed at Bl will be processed through an extract, transform, and load
(ETL) process to be stored in a data warehouse. The results of the Bl analysis will be visualized
in the form of a dashboard that can be used as knowledge and information for leaders as part
of a decision support system. Figure 2 shows Bl modeling stages for craft exports.
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Figure 2: Bl Modeling Stages for Craft Exports
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3.2 Data Source Setup

At this stage, the data is carried out to obtain operational data. It is related to the craft
export business domain, transactional data, reference data, and other data such as export
commodity data, export trade transaction data, data for West Java craft business actors, export
destination countries, etc. The data to be analyzed is all the data in the data source obtained
from various primary and secondary sources into a dataset. The dataset that has been prepared
will then be restructured through several stages and stored in a large data repository with
standards that meet the needs of the analysis. The analysis is carried out to determine what data
is needed to support decision-making for craft businesspeople. The information generated by
Bl must be clear, complete, and directed and presented in a display that makes it easy for users
to understand; this display is generally presented as a dashboard. The method used for primary
data collection is through field studies of the West Java Department of Industry and Trade
(Disperindag Jabar), the West Java Tourism and Culture Office (Disparbud), and the Central
Statistics Agency (BPS) West Java. In this study, the product export with the HS codes 44 for
wood and woodworking, 46 for basic materials, 67 for prepared feathers and related works,
artificial flowers, and hair works, 69 for ceramic products, and 96 for other works are the main
subjects of study. Table 1 shows the HS code of craft export commodities.

Table 1: HS Code of Handicraft Export Commodities
No HS Code Description
4401, 4402, 4403, 4404, 4405, 4406, 4407,
1 4408, 4409, 4410, 4411, 4412, 4413, 4414, 44 - stiggivgm’r\]’wd and
4415, 4416, 4417, 4418, 4419, 4420, 4421 g

2 4601, 4602 46 - HS Code for Articles of base
67 - HS Code for Prepared feathers
3 6701, 6702, 6703, 6704 and penguins and their works;

artificial flowers; hair work

6901, 6902, 6903, 6904, 6905, 6906, 6907,
6909, 6910, 6911, 6912, 6913, 6914

9601, 9602, 9603, 9604, 9605, 9606, 9607,

5 9608, 9609, 9610, 9611, 9612, 9613, 9614,
9615, 9616, 9617, 9618, 9619, 9620

69 - HS Code for Ceramic products

96 - HS Code for Miscellaneous
works

The business indicators are analyzed from the quality index, which is the determining
factor of the export sales of crafts, starting from the commodity quality index, the quality index
of business actors, the quality index of the export sales of crafts, the quality index of market
trends, the quality index of export market acceptance, the quality index of export reach, the
index of quality of market size, quality index of infrastructure facilities supporting export trade,
and quality index of cultural comparison.

3.3 Data Warehouse Design

The data warehouse design stage is carried out through the extract transform load (ETL)
process. Extraction is carried out to identify and retrieve various relevant data from the data
source. This process allows the data source to consist of multiple formats such as spreadsheets,
JSON, databases, XML, or other files. Generally, the extraction process will first store data in
the “staging area” to overcome data integration issues such as data type format problems, null
values, and missing or corrupt data to be handled in the following process. The transformation
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process is carried out to change inconsistent data from data sources, such as naming attributes
that are not the same or data coding that is not uniform; this process is carried out by filtering
data, cleaning data, joining data, splitting data, sorting, changing data type formats and
manipulation processes. Other data. This is done so that the data used in the Bl system becomes
“cleaner” and follows the needs of analysis. The final process of ETL is data load, where the
dataset has been processed and will be entered into a data warehouse. Table 3 ETL process in
the data warehouse.

The data warehouse schema in this study uses a star schema consisting of tables that
function as facts and dimensions. The fact table is data that contains records of "facts" that
cannot be changed, such as data tables related to the export trade of craft products or other
transactional data. In contrast, the dimension table contains reference data used in Bl. Data
warehouse dimensional models such as star schemas are generally implemented as the
relational model. Research (Abbas et al., 2021) explains three approaches to building a data
warehouse: top-down, bottom-up, and hybrid. The data warehouse development method used
in this research is bottom-up, where information flow starts from the extraction process of
information from various segments, sources, or databases. Various data sources will be
processed through ETL into a data mart (DM) which will then be extracted back into one data
warehouse. This approach is considered suitable for this study because the data tend to be
heterogeneous.

Data Source

ETL 1 1 e ETL
Spreadsheet JSON Database

rac* D 3
Data
Warehouse

Figure 3: ETL Process in Data Warehouse (Bottom-up Approach)

3.4 Bl Dashboard Design

User interface design is vital for computer systems because it will impact user
productivity and efficiency (Few, 2006). Bl dashboards must be designed effectively to
improve data analytics aspects in decision-making. Improper use of visuals affects users so that
they can shift focus on the wrong things (Orlovskyi & Kopp, 2021). The steps taken in
designing the BI dashboard in this study are adopted from Orlovskyi & Kopp (2021), which
divides the stages into five activities, namely (1) preparing data sources on the Bl system in
the form of data marts (DM) or data warehouses (DW) to be transformed into datasets, (2)
prepare a subset of data from the dataset to be visualized, (3) choose a threshold for
visualization data, especially to see the achievement of business indicators, (4) determine the
appropriate visualization component according to the needs of the dataset and the information
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to be conveyed to users, and ( 5) Place the visualization component on the dashboard screen
and connect it to the dataset.

4. Results and Discussion

4.1 Bl Dataset

The data used in Bl is analyzed from various relevant data sources as needed. Some
issues encountered in the Bl dataset preparation process were missing values, data
inconsistencies, format errors, data type errors, and data content inconsistencies. This is
because different data sources generally have different types of data types and data formats.
The information stakeholders need includes which country is the leading export destination for
crafts, how to compare in terms of total FOB, volume, and quantity for each craft commodity,
the export trade trend periodically, etc. These questions are information that needs to be
explored by BI by building a suitable dataset. The data that has been obtained from the field
study is collected in the form of a spreadsheet format containing several data attributes that suit
the needs. There are 13 types of information used in this study, both from primary and
secondary data sources containing transactional and reference data, as shown in Table 2.

The datasets obtained are generally transactional data from numbers 2 to 12, while there
are only two reference data, namely West Java craft industry data (number 1) and craft export
commaodity data (number 13). The obstacle faced by this problem is the tendency of the data to
have many formats (heterogeneous), so it is necessary to pre-process the data before it becomes
a Bl dataset.

Table 2: Bl Datasets

No Information Type Attribute Name Data source
Company Name, Owner Name,
1 West Java Craft Address (Street, Village, District, West Java
Industry City, Province), KBLI12020, Product Disperindag
Type
Business Name, Location
Respondents of West (Reger_lcy/C|ty), Prqduct Name, Raw _ Res_,ults of_
. Material, Keg. Business, Number of interviews with
2 Java Craft Business .
Employees, Marketing Area, Export ~ West Java craft
Actors - . X
Country Destination, Export Time, businesspeople
Turnover
Country, Total Population, Yearly
3 Total Country Change Avg. 5 years, Yearly Change External
Population Avg. 20 years, Density Inhabitants/km Sources
2
4 Distance from Indonesia Destination Country, Kilometers, External
to the World Miles, Direction Sources
_The Length of the Country, Total (Km), Per Capita (m), External
5 Highway of the Whole 5
Per km < (m), YearUpdated Sources
Country
The Length of the .
5 Railroad All Over the Country, Total (sz), Per Capita (m), External
Per km < (m), Year Sources

Country
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7 Numﬁf{g;ﬁ'{ﬁgts n Country, AmountOfAirports, Year i)(;frr:easl

8 CounEwaqje Port Country, PortTraffic, YearUpdated External

raffic Sources

IDCountry, CountryName,
9 Country Hofstede Index PowerDistance, Individualism, External
Value Masculinity, Uncertainty, Long Term Sources
Orientation, Indulgence
West Java Export Trade  HSCode, Description, Export Value
10 Data (US Dollars), Year BPS West Java
HSCode, Product Description,
Exporter Name, Exporter Address,

11 World Export Trade Importer Name, Importer Address, Trade Data

Transaction Data Destination Country, Quantity, Unit of Platform

Measure, Gross Weight (kg), Nett
Weight (Kg), FOB Value
Country Name, Country Code,
12 Country Import GDP IndicatoryName, Amount)gf 1960 — Worldbank
Data
2021.

13 Craft Export HSCode (2 digits), HSCode (4 digits), West Java
Commodity Data Description Disperindag

4.2 Bl Data Warehouse

Each business process in the data warehouse is represented by a dimensional model
consisting of a fact table containing several numerical measurements and surrounded by a
dimension table containing the data context. This model establishes the “star join” as an early
term for relational databases. Bl datasets that have been prepared will be processed through
online transaction processing (OLTP) and stored in a database management system (DBMS)
such as Oracle, MS SQL Server, MySQL, Informix, etc. Before being entered into the data
warehouse, the ETL process will be carried out first to ensure that the data used by Bl is clean
and as needed. ETL tools such as SQL Server Integration Service (SSIS), Talend Open Studio,
Pentaho Data Integration (PDI), etc., can integrate various datasets into the data warehouse.
This study uses a bottom-up approach model to design the data warehouse, where the dataset
will be collected into a data mart first. A data mart (DM) can be said as a “mini”” data warehouse
that is generally developed to group data according to the needs of Bl analysis. This can
facilitate the development of BI prototypes according to the needs and readiness of the data.
Some of the data marts (DM) developed in this research are the Profile of Craft Business Actors
(DM-1), Craft Export Trade (DM-2), Profile of Craft Export Destination Countries (DM-3),
and Craft Export Commodities (DM-4). Figure 4 shows the dimensional model in DM-2 for
the export trade fact table flanked by dimension tables in the form of date, country, commodity,
and hosted index.
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Figure 4: Dimensional Model Export Trade Fact (DM-2)

4.3 Bl Dashboard

The dashboard design contains various visualizations, such as graphs and charts, which
must be arranged within a particular area. Business Intelligence (Bl) dashboard apps may
mislead business users and divert their focus and attention to trivial or incorrect matters if they
select unsuitable visualization charts that do not match the type of data presented in datasets
prepared for visualization. Consequently, the dashboard design is of utmost importance in
modern times, when processing and analyzing large volumes of data are vital for making sound
business decisions. Due to the problem's non-trivial and sufficiently sophisticated nature, it is
necessary to suggest a Bl dashboard design approach (Orlovskyi & Kopp, 2021).

:éé; DASHBOARD EKSPOR KRIYA JAWA BARAT
L]

KODE HS PETA EKSPOR KRIYA GRAFIK TOTAL FOB KE NEGARA TUJUAN

All o ) M

NEGARA TUJUAN i I l 8 s

Al =i 2 B i O 20, B0 i, o, B, O
TAHUN EKSPOR W £ N C

TOTAL FOB

TOTAL QUANTITY HOFSTED INDEX NEGARA TUJUAN

GRAFIK INDIKATOR EKSPOR KRIYA PER KOMODITAS

2 27.33% 20.42% 18.62%
T 2%1% 1 21.39% 18.37% 15.36%

TOTAL GROSS WEIGHT & » | \\{
z
82M 5 et
L lar 25.00% 23.73% | 18.35% 15.51%

Total FOB Quantity Gross Weight (Kg)

Figure 5: Proposed Model of Bl Dashboard

Bl Dashboard to visualize data can be designed using Bl Tools such as Spago Bl, Power
BI, Tableau, Qliksense, and Jaspersoft. Research by Gowthami & Kumar (2017) has compared
several BI tools. It shows that Power Bl has advantages in ease of use, support for multiple
data sources, security aspects, and integration into the cloud. It can be considered a tool for
implementing Bl dashboards. Hansoti (2010) highlighted some of the features that are
considered in designing the dashboard: (1) a dashboard must have a filter, sorting, and data
analysis features; (2) it has the functionality to drag and drop visual components; (3) must be
able to provide drillable charts and graphs, and (4) must be able to make alternative scenarios.
Several things must be avoided in designing the dashboard: information overload, limited
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information, and complex user interfaces (Hansoti, 2010). Too much information on the
dashboard can distract users from the wrong focus, and vice versa; if there is too little
information, the essential things become invisible. Dashboards should not be made complex
because they are generally used by executives or managers with little time to learn new
technologies; the navigation process should be easier for users.

Figure 5 models the Bl dashboard proposal according to the dimensional export trade
fact (DM-2) model. Various visual components make it easier for users to understand the
information. The components used are (1) card components to display the total FOB, total
quantity, and total gross weight; (2) map components to display craft export mapping, (3)
various types of graphic components to display country-hosted indexes, total FOB to
destination countries, systematic development of craft exports, and achievement of craft
commodity indicators based on total FOB, quantity, and gross weight (kg). In addition, the
slicer component is also used to filter data based on HS code, destination country, and year of
export.

The information displayed on the dashboard can answer the following questions:

o Q1: What is the total FOB, total quantity, and total volume of the export trade
of the West Java craft

industry?
o Q2: Which countries are the export destinations for the West Java craft
industry?
o Q3: How is the cultural comparison (based on the value of the Hofstede index)

between the export
destination countries of West Java crafts?

o Q4: How is the total FOB comparison from the export destination countries of
West Java crafts?

o Q5: How is the development of West Java craft exports from year to year?

o Q6: What is the percentage between West Java craft export commodities based

on the total FOB, total
guantity, and total volume?
The Bl dashboard modeling designed to answer these questions is by implementing the
Bl tools as follows in Table 3.

Table 3: Bl Tools Implementation

No Question Co\rﬂggﬁlent property Data Attribute Data Table
Fields Summ\z}g71 u%f FOB
1 Q1 Card Fields Summary Of Quantity Explc:)gtc'tl'srade
; Summary Of
LFleItc_is G[gostsﬁV\t/_eigﬁéintKg
ocation estination Country Export Trade
2 Q2 Folder Size Summ\%1 u%f FOB PRl i
AXIs Country Name
Summary of
(Individualism,
3 Q3 100% Stacked Indulgence, Long Hofsted Index
Bar Chart Values Term Orientation, Dimension

Masculinity, Power
Distance, Uncertainty
Avoidance)
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AXIS Destination Country
4 Q4 Stack%dhgr?lumn Values Summ{a/% u%f FOB Exp?:r;CTtrade
5 Q5 Stk e s S mma{eaé)f FOB Déte l(:J)rItm 'I?rr;z: !
ar u X
Values Value P act _
Legend HS Code (:Dolmg}%%%’
Summary Of FOB
6 Q6 Donut Chart Values Value , Export Trade
Values Summary Of Quantity p Fact
Summary Of

Values Gross Weight_in_Kg

The business intelligence modeling carried out in this study shows that BI can be used
to provide knowledge and information to stakeholders to support decisions. Various key
questions from craft businesspeople can be visualized in the form of a dashboard through
multiple data processing. Several other analytical techniques, such as time series and model
charting, modeling, what-if analysis, forecasting, and statistics, can be used through the Online
Analytical Processing (OLAP) method. OLAP allows users to explore and study large amounts
of data, including processing complex computations, viewing data relationships, and
presenting the results visually from various perspectives; this can be a follow-up study for
future research.

5. Conclusions

In adopting BI solutions, we must consider the advantages offered in decision-making
support: the quality of business information provided, robust tools for data analysis and
visualization, reduced decision-making costs, web-based accessibility, and increased
effectivity and efficiency in the decision. In a competitive environment, craft industries can
gain constant export acceleration by making the right decision based on an effective Bl solution
at the right time. This study focuses on West Java's business intelligence model for creative
craft industries. Through developing of business intelligence model to map the craft sector in
West Java, this study aims to identify a method for accelerating the exports of the creative craft
industry. The model established in this research is based on a literature review and collection
of data from government and private institutions related to export data for formulating an
acceptable model for a business intelligence system. With the support of the BI solution, the
owner or manager of the creative craft sector in West Java should be able to make export
decisions with the potential to boost revenue. In addition, this model can be a foundation for
developing a business intelligence system to assess the export key performance indicators of
handcraft products in West Java.

Acknowledgment

The authors would like to thank the Ministry of Education, Culture, Research and
Technology, Directorate of Research, Technology and Community Service, and Directorate
General of Higher Education, Research, and Technology Republic Indonesia for funding this
research through the Research Contract Project Number: 156/ E5/PG. 02.00.PT/2022, May 10,
2022,

Res Militaris, vol.12, n°2, Summer-Autumn 2022 2935



ﬁm RES MILITARIS Social Science Journal

References

Abbas, I., Ahmad, M., Imran, M., Khan, M. N., Niazi, Z. Z. K., Raza, S. M. U., Naveed, A., &
Ali, Z. (2021). Role of data mining techniques in business. Indian Journal of Science
and Technology, 14(5), 508-518. https://doi.org/10.17485/ijst/v14i5.315

Adu-Gyamfi, N., & Korneliussen, T. (2013). Antecedents of export performance: The case of
an emerging market. International Journal of Emerging Markets, 8(4), 354-372.
https://doi.org/10.1108/1J0EM-Jun-2011-0056

Becerra-Godinez, J. A., Serralde-Coloapa, J. L., Ulloa-Marquez, M. S., Gordillo-Mejia, A., &
Acosta-Gonzaga, E. (2020). Identifying the main factors involved in business
intelligence implementation in SMEs. Bulletin of Electrical Engineering and
Informatics, 9(1), 304-310. https://doi.org/10.11591/eei.v9i1.1459

Bekraf. (2017). Ekonomi Kreatif Outlook 2017. Badan Ekonomi Kreatif, Jakarta.

Darman, R. (2018). Implementasi Business Intelegence Untuk Menentukan Tren Ekspor
Perikanan Nasional Menggunakan Software Ibm Waston Analytics. Technology
Acceptance Model, 9(1), 67-73.

De Beukelaer, C. (2014). Creative industries in “developing” countries: Questioning country
classifications in the UNCTAD creative economy reports. Cultural Trends, 23(4), 232—
251. https://doi.org/10.1080/09548963.2014.912043

Few, S. (2006). Information Dashboard Design The Effective Visual Communication of Data.
Information Dashboard Design The Effective Visual Communication of Data, 223.

Foshay, N., & Kuziemsky, C. (2014). Towards an implementation framework for business
intelligence in healthcare. International Journal of Information Management, 34(1), 20—
27. https://doi.org/10.1016/j.ijinfomgt.2013.09.003

Gowthami, K., & Kumar, M. R. P. (2017). Study on Business Intelligence Tools for Enterprise
Dashboard Development. International Research Journal of Engineering and
Technology(IRJET), 4(4), 2987-2992. https://www.irjet.net/archives/\VV4/i4/IRJET-
V414721 .pdf

Hansoti, B. (2010). Business Intelligence Dashboard in Decision Making. College of
Technology Directed Projects.

Kemenparekraf. (2020). Outlook Pariwisata & Ekonomi Kreatif Indonesia. Kementerian
Pariwisata & Ekonomi Kreatif Republik Indonesia.

Khan, R. A., & Quadri, S. (2012). Business intelligence: an integrated approach. In Business
Intelligence Journal (Vol. 5, Issue 1).
http://www.saycocorporativo.com/saycouk/BlJ/journal/\VVol5No1/BJournal%257B_%
257DJanuary2012.pdf%257B#%257Dpage=68

Kilenthong, P., Hultman, C. M., & Hills, G. E. (2016). Entrepreneurial marketing behaviours:
impact of firm age, firm size and firm’s founder. Journal of Research in Marketing and
Entrepreneurship, 18(1), 127-145. https://doi.org/10.1108/JRME-05-2015-0029

Kong, L., & O’Connor, J. (2009). Creative economies, creative cities: Asian-European
perspectives: Vol. VVol. 98. Springer Science & Business Media.

Luhn, H. P. (1958). A Business Intelligence System. IBM Journal of Research and
Development, 2(4), 314-319. https://doi.org/10.1147/rd.24.0314

Munawar, F., Rahayu, A., Disman, D., & Wibowo, L. A. (2019). Management commitment
and export performance of creative industry: The mediating role of partner relationship
program. International Journal of Innovation, Creativity and Change, 6(12), 285-306.

Narayanan, V. (2015). Export Barriers for Small and Medium-sized Enterprises: A Literature
Review based on Leonidou’s Model. Entrepreneurial Business and Economics Review,
3(2), 105-123. https://doi.org/10.15678/eber.2015.030208

Res Militaris, vol.12, n°2, Summer-Autumn 2022 2936



ﬁm RES MILITARIS Social Science Journal

Nyanga, C., Pansiri, J., & Chatibura, D. (2020). Enhancing competitiveness in the tourism
industry through the use of business intelligence: a literature review. Journal of Tourism
Futures, 6(2), 139-151. https://doi.org/10.1108/JTF-11-2018-0069

Olszak, C. M., & Ziemba, E. (2007). Approach to building and implementing Business
Intelligence systems. Interdisciplinary Journal of Information, Knowledge, and
Management, 2, 135-148. https://doi.org/10.28945/105

Orlovskyi, D., & Kopp, A. (2021). A business intelligence dashboard design approach to
improve data analytics and decision making. CEUR Workshop Proceedings, 2833, 48—
59.

Prayitno, D. (2018). Application of Business Intelligence for Banking Performance Based on
Products Analysis. International Journal of Progressive Sciences and Technologies
(JPSAT), 6(2), 554-569.

Qushem, U. Bin, Zeki, A. M., & Abubakar, A. (2017). Successful Business Intelligence System
for SME: An Analytical Study in Malaysia. IOP Conference Series: Materials Science
and Engineering, 226(1). https://doi.org/10.1088/1757-899X/226/1/012090

Saragih, E. H., Bayupati, I. P. A., & Putri, G. A. A. (2021). Pengembangan Business
Intelligence Dashboard untuk Monitoring Aktivitas Pariwisata (Studi Kasus: Dinas
Pariwisata Provinsi Bali). Jurnal Teknologi Informasi Dan IiImu Komputer, 8(6), 1159.
https://doi.org/10.25126/jtiik.2021863755

Scholtz, B., Calitz, A., & Haupt, R. (2018). A business intelligence framework for
sustainability information management in higher education. International Journal of
Sustainability in Higher Education, 19(2), 266—290. https://doi.org/10.1108/IJSHE-06-
2016-0118

Vajirakachorn, T., & Chongwatpol, J. (2017). Application of business intelligence in the
tourism industry: A case study of a local food festival in Thailand. Tourism
Management Perspectives, 23, 75-86. https://doi.org/10.1016/j.tmp.2017.05.003

Vizgaityte, G., & Rimvydas, S. (2012). Business Intelligence in the Process of Decision
Making: Changes and Trends. Ekonomika, 91(3), 147-157.
https://doi.org/10.15388/ekon.2012.0.881

Wheelen, L. T., & Hunger, J. D. (2012). Strategic management and business policy: toward
global sustainability. Pearson/Prentice Hall.

Res Militaris, vol.12, n°2, Summer-Autumn 2022 2937



